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Abstract

This paper proposed a method to extract information from Social Network, such as, Twitter. The
information is analyzed and transformed to another format (traffic information) that used for Google
map [9] or Longdo map [23]. The purpose is to improve the effectiveness of traffic information. The
main sources of traffic information on twitter that have a thousand followers in Thailand are
js100radio [3] and fm91trafficoro [4]. The proposed analysis method is TlLexs [22] to create a
prototype model for extracting sentences that are understandable by human. The transformation

method is HMM Model [20] to transform traffic information that we expected.
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