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Original signal x(t)
Input signal g(t)
Start: g(t) = x(t)

Construct the envelopes
Calculate the mean m(t)

|

Treat h(t)
as input Subtract the mean
signal from the time series

g(t) = h(t) h(t) = g(t) - m(t)
Treat r(t)

ﬁ “Sonal
l Yes g(t) = r(t)
Store IMF x,(t) = h(t)

Subtract the IMF from the
input signal r(t) = g(t) - x,(t)

Is r(t) the residue?
No

l Yes

Original signal decomposed
into IMFs and a residue
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Original input : x(t)

Input process : g(t)
Start : g(t) = x(t)

1.7

*Calculate mean surface m(t) by using

principal component analysis (PCA)

!

h(t) = g(t) - m(t) |

l Yes

Store IMFj = h(t)
1(t) = g(t) - IMFj

is r(t) the residue ?
Yes

9(t) = r(t)
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