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Abstract

Handwriting beautification includes with two main processes. First, preprocessing step which is a
method for line segmentation. In order to fit characters perfectly within the lines, line segmentation
must be accurately. Second, beautification step which is a method to beautify the characters. In this
paper we present interesting and widely used preprocessing techniques. Three methods are introduced,

Projection Profile method, Generalized Profile method and Neural Network method.

Keyword - neural networks; line segmentation; handwriting; convolution; histogram; character thai
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