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Abstract

Many of text processing applications usually need to measure text distance or text similarity. For
example, text news clustering, research plagiarism checking. In English language, there are many
semantic-based word similarity measurements. Those are Path Distance Similarity, Leacock Chodorow
Similarity, Wu-Palmer Similarity, Resnik Similarity, Jiang-Conrath Similarity and Lin Similarity. This

research’s objective is to investigate whether: 1) Those measurements are applicable for Thai term



similarity measures or not and 2) In case they are applicable, the resultant evaluation values are valid
or not. The investigation process begins with selection of 99 high frequent Thai terms and their 99
opposite terms. The answer to the first research question is that Thai word similarity can be measure
only indirectly via Thai wordnet, by related terms to Princeton’s wordnet. To answer the second
research question, an experiment design has been conducted by constructing two sets of term-pairs:
synonym term-pair set and antonym term-pair set. Average term-pair similarity values are obtained
from those six semantic word similarity methods mentioned above. Using pair-wised t-test for
hypothesis testing to test that average similarity value in synonym-pair is significantly greater than that
in antonym-pair, we found that the hypothesis is true at the significant level 0.05 or at 95% confident

interval. Therefore, we conclude that the semantic similarity measurements is applicable for Thai

words.
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ANUdNST WU "let's call heads a success and

tails a failure”
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successful' T¥nantanisuszaumnudnsa wu his
new play was a great success'

= A

lusruAnuAdend iy synset MedagiA1AINw
ABNEARILANA19TY ANUNIRSIATEenlY WU nn

Wdonld path similarity agla

ANANUABYARITENING success.n.01 way
success.n.02 windiu 0.125
ANANUABILATITENING success.n.01 way

success.n.03 winfu 0.083

ANANUABIYATITENING success.n.01 way



achiever.n.01 wiiu 0.1

ANANUABIYATITENING success.n.02 ey
success.n.03 winiu 0.067
ANANUARYARITEINING success.n.02 ey

achiever.n.01 WAy 0.077 way
ANANUARNYARITEINING success.n.03 ey

achiever.n.01 winfiu 0.077
TngAdaunn wanandanuAagnaeiulin

ANSPIAIAININAR18AFY TnldAINUFUNUSLT
Tassasnalu Wordnet Tunisaiuin Inelassasia
wordnet daFsadudifuduniunauduiusaie

Taefianuduius (Relation) louwn

Hypernym - Hyponym A1 uduWUSLT S
superclass-subclass M%@ﬁi’ﬁ’ﬂﬁ}uﬂ’l is-a taxonomy
19U dog.n.01 & hypernyms #e ‘canine.n.02' uag
‘domestic_animal.n.01" wazdl hyponyms \Juatiy
WUSH199 L¥U 'basen;ji.n.01', 'dalmatian.n.02’,
oodle.n.01" \Jusu

Meronyms - Holonyms \Jumnuduiusuuu part-
of $hegradu wiadudiunils (meronym) ves
81A15 UWare1ASATEUAGY (holonym) wineng
wonanil ludAsen Selmnuduiudeneg weil
Troponym - Wiefsen A Wudnvazdesvesisen 8
W Mssiuauaudunsiusuunie fadu nns
wiuanuawndu troponym v89n1siAY

Entailment : Siaiinn15nseiin A aziinnisnsesin 8
AIBLALD LT Lﬁ'a@mmummiﬁueﬁw wanainAu
AAIMIUDIMNT

wenanil 1EsamAmilou (synonym) wagan

n53U (antonym) U84 synset e 413l

2.2 4AFINANUARILATS

UINTINANAAIYARUTIANRLIY 1NLATIATS
Wordnet $nunumnannsia [6][7] anunsauuslaidu
aoangu fio nauiiinnlassadiadadiiud 1
l@wn Path Distance Similarity, Leacock
Chodorow Similarity, Wu-Palmer Similarity wag

o

nauninaniieansawna (Information Content
3

%30 IC) lown Resnik Similarity, Jiang-Conrath

Similarity wag Lin Similarity
2.2.1 495IANNAR18AdATEIRuYY [7]

1ATINENAILINAB Path Distance Similarity,
Leacock Chodorow Similarity wag Wu-Palmer
Similarity \Dungusasiafidiuanan avmduius
WUV is-a taxonomy (hypernym / hypnoym) 1)

Tne Path Distance Similarity 38ANWIMANTIUIU

a A

TrunlutduniandufanN¥suinaunsanaly

q

AMUFUNUSULUY is-a taxonomy (hypernym /
hypnoym) uagAuAAzwuUAILA 0 88 1 gnshe
1

pathsim = pathlen(C1,C2) W

_ \
coinage fund 5
|, \ )

/EO-LD\\(Q_ budget
nicke/ dime

o

SUN 1 dro81aNoA 1w path similarity

ndeeelugu 1 anansaduin path similarity
Tagiadl

simpath(fund, budget) = 1% = 0.5



simpath(nickel, dime) = 1/3 =0.34
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>>> dog.res_similarity(cat, brown _ic) #
doctest: +ELLIPSIS

7.911...

>>> dog.res similarity(cat, genesis ic) #
doctest: +ELLIPSIS

7.204...
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>>> a=thaiwordnet()
55> print(a.synsets(1il1)
[Synset{'one.s.05'), Synset('one.s.04), Synset('one.s.01"), Synset('one.n.01]

sUR 4 udae synset V9NA1IN NI Faesediu 4
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synsets Tun1wsangy
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24-36 LANIAIAIINABIEARIVRIALUSIENITAN
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' oaullu o

UsTNAN 37-45 wanaliiiudn anldadied

e

naglalflan similarity AeAuandu None 1y Tu
ussnan 44 19a similarity vedaa1 (wi=’

small.a.01’, w3="large.a.01’) wui1 AuAdu

None
1) >>> th = thaiwordnet()
2 // synsets of 3
3) >>> syns = th.synsets(’ %9
4) [Synset(‘run.v.29"), Synset('run.v.01')]
5) // synsets of ga
6) >>> ants = th.synsets("ngn’)
7) [Synset(‘cut.v.36'), Synset('stop.v.05"),
Synset(‘halt.v.01'), Synset('stop.v.01)), Synset(‘cheese.v.01)]
8) // similarity of the word itself
9) >>> print(syns[0].path_similarity(syns[0]))
10) 1.0
11) >>> print(syns[0].wup_similarity(syns[0]))
12) 1.0
13) >>> print(syns[0].lch_similarity(syns[0]))
14) 3.258096538021482
15) // similarity of the word and its synonyms
16) >>> print(syns[0].path_similarity(syns[1]))
17) 0.2
18) >>> print(syns[0].wup_similarity(syns[1]))
19) 0.25
20) >>> print(syns[1].wup_similarity(syns[0]))
21) 0.25 22) >>>

print(syns[0].lch_similarity(syns[1]))

23) 1.6486586255873816

24) // similarity of its synonyms and antonyms
25) >>> print(syns[0].path_similarity(ants[0]))
26) 0.1111111111111111

27) >>> print(syns[0].lch_similarity(ants[0]))
28) 1.0608719606852628

29) >>> print(syns[0].wup_similarity(ants[0]))
30) 0.2

31) >>> print(syns[0].lch_similarity(ants[1]))
32) 1.6486586255873816

33) >>> print(syns[0].lch_similarity(ants[0]))
34) 1.0608719606852628

35) >>> print(syns[1].lch_similarity(ants[3]))
36) 1.6486586255873816

37) // return None if no similarity applied

38) >>> wl = th.synset('small.a.01")
39) >>> w2 = th.synset('run.v.29")

40) >>> print(wl.path_similarity(w2))
41) None

42) >>> w3 = th.synset('large.a.01')
43) Synset('large.a.01")

44) >>> print(w1.lch_similarity(w3))
45) None
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